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Do EOF-analysis for both datasets (e.g. Fig. 2a-d N N N %00 08 04 D2 0 0z o4 0o 05 1

. e .: o & : . i Figure 8: Same as Fig. 3, but here for precipitation over the Tropical Indo-Pacific region.
or Fig. 3a-b).
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e  One or more eigenvalues will be more dominant in one dataset relative to the
other dataset.

e One (only one!) DEOF-mode will be significantly dominant in the one dataset
relative to the other dataset.
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The DEOF-modes peak at the locations where the variance is increased most
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Most leading eigenvalues will be more dominant in one dataset relative to the

Compare the results with idealized examples e e ; ; other dataset.
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d ff Figure 3: Same as Fig. 2, but here for North Pacific SST in the period 1950-1999 (20C) compared Figure 6: Same as Fig. 3, but here for winter SLP over the North Atlantic region. Two or more DEOF-modes will be significantly dominant in the first dataset
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with the period 2050-2099 of the A1B scenario (21C) of a CMIP3 multimodel ensemble. relative to the other dataset.

More than one large-scale leading EOF-mode will be more dominant than in the
other dataset.
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